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Be able to critically think about
news stories about LLMs in
terms of news values.



Instructor talking

e Lecture on news stories [10 min]

e Introducing news articles [10 min]

Group work

e Reading articles, identifying news values

e Fact-checking and improving the news story

e Final report



News Values



Criteria used by journalists to determine whether a story is newsworthy

Historical context:
o Concept first formalized by Johan Galtung and Mari Holmboe Ruge in 1965
They analyzed international news coverage to identify patterns in story selection
Their work identified 12 factors that influenced newsworthiness
The concept has evolved but remains fundamental to journalism practice
Later scholars like Harcup and O'Neill (2001, 2016) refined and updated these values
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Understanding news values helps us critically analyze media coverage,
including tech news

These values influence what stories about LLMs and Al get covered and
how



Frequency

e Frequency: Events that unfold within the news production cycle
e Examples in tech news:
o Short-term Al experiments or challenges get more coverage than longer-term research
o Quick breakthroughs receive more attention than gradual improvements
o Quarterly earnings and product launches match news cycles better than ongoing
development

Timeliness

e Timeliness: Recent or current events are more newsworthy

e Examplesin LLM coverage:
o Breaking news about model releases (e.g., "GPT-5 released today")
o Emerging trends in Al capabilities ("New benchmark results show...")
o Quick coverage of Al conferences and announcements



Familiarity

e Familiarity: Events involving recognizable topics, places, or concepts
e Examplesin Al news:
o Coverage focuses on familiar use cases (chatbots, image generation)
o New Al concepts often explained through familiar metaphors
o  Stories connecting Al to well-known movies or books (e.g., HAL 9000, Skynet)

Negativity

e Negativity: Bad news tends to be more newsworthy than good news
e Examplesin LLM coverage:
o Al safety concerns and potential risks receive extensive coverage
o Data breaches and model failures make headlines
o Stories about Al replacing jobs get more attention than job creation



Conflict

e Conflict: Stories involving disagreement, debate, or tension
e Examplesin LLM news:

o "Researchers clash over Al safety priorities"

o "Legal battle over training data copyright"

o "Tech CEOs disagree on Al regulation approach”

Unexpectedness

e Unexpectedness: Rare, surprising, or unusual events

e Examplesin Al news:
o "Al generates unexpected solution to 50-year-old math problem"
o "Language model demonstrates surprising new capability"
o "Al performs task experts thought impossible for current systems"



Unambiguity

e Unambiguity: Events with clear meaning or interpretation

e Examplesin LLM coverage:
o Simple metrics and benchmarks get more attention than nuanced evaluations
o Clear successes or failures highlighted over mixed results
o Headlines emphasize certainty rather than the complexities of Al systems

Personalization

e Personalization: Events framed through individual experiences
e Examplesin Al news:

o "Developer creates Al to solve personal problem"

o "CEOQO's vision shapes company's Al strategy"

o "User's experience with Al assistant goes viral"



Meaningfulness

e Meaningfulness: Events culturally relevant to the audience
e Examplesin LLM coverage:
o Al'simpact on local industries or education systems
o How language models handle specific cultural contexts
o Al developments that align with cultural values or concerns

Eliteness

e Eliteness: Stories involving prominent nations, institutions, or people

e Examplesin Al news:
o Leading tech companies (Google, OpenAl, Anthropic) receive more coverage
o Elite university research gets more attention than work from lesser-known institutions
o Famous tech figures' opinions on Al are extensively covered
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Superlativeness

e Superlativeness: Events of large magnitude or scope
e Examplesin LLM coverage:

o "Largest language model ever created"

o "Most advanced Al system to date"

o "Record-breaking performance on benchmarks"

Consonance

e Consonance: Events that fit with existing expectations or narratives
e Examplesin Al news:
o Stories reinforcing "Al revolution" narrative
o Coverage matching pre-existing hopes or fears about technology
o News that confirms what journalists or the public already believe about Al
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Selected news stories



https://www.bbc.com/future/article/20250224-what-happens-when-you-give-a
n-ai-a-rorschach-inkblot-test

- We gave an Al a Rorschach test.
Wega\;tilaqpl;lbal.Iiors;:fhachtegtaWhgttit What it SaW in the inkaOts Offers
= a window into the human mind
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https://www.bbc.com/future/article/20250224-what-happens-when-you-give-an-ai-a-rorschach-inkblot-test
https://www.bbc.com/future/article/20250224-what-happens-when-you-give-an-ai-a-rorschach-inkblot-test

The Guardian

https://www.theguardian.com/technology/article/2024/may/20/ai-chatbots-saf
eguards-can-be-easily-bypassed-say-uk-researchers

Giadian Al chatbots’ safeguards can be
easily bypassed, say UK
researchers

NPFL140: News stories
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https://www.theguardian.com/technology/article/2024/may/20/ai-chatbots-safeguards-can-be-easily-bypassed-say-uk-researchers
https://www.theguardian.com/technology/article/2024/may/20/ai-chatbots-safeguards-can-be-easily-bypassed-say-uk-researchers

Denik N

https://denikn.cz/1653441/ai-dosahla-schopnosti-vytvorit-vlastni-kopii-jde-o-n
enapadny-ale-nebezpecny-zlom/?ref=list

war e DENTK [N Al dosahla schopnosti vytvorit
S vlastni kopii. Jde o nenapadny, ale

14.(nora 20251548 ¢ Uméld inteligence

Al dosdhla sch ti rit ~ Y
vlas::iakoa;)isf Igg t(:otfe:lg:‘(’l?ll;;, ale n e b eZ p e C n y Z I O m
nebezpeény zlom

3 PETRKOUBSKY + Odebirat e-mailem

modely - jeden americky, jeden &insky - vytvorFit piné funkéni kopii
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https://www.dw.com/en/fact-check-how-do-i-spot-errors-in-ai-chatbots/a-7210

6646

RUSSIAN FE|

;:Zt;’:fi%‘:“““'S°°“’"°’s‘“"' Fact check: How do | spot errors in
" Al chatbots?
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MIT Technology Review

https://www.technologyreview.com/2025/03/27/1113916/anthropic-can-now-t

rack-the-bizarre-inner-workings-of-a-large-language-model/

Anthropic can now track the
Anthropic can now track the bizarre inner biza rre inner Workings Of a Iarge

workings of a large language model

'What the firm found challenges some basic assumptions about how this
technology really works.
ch27,2025

By Will Douglas Hoaven

model and watch what it docs as it comes up with 2 response.
¢ insights into how the technology works. The takeaway: LLMs are even POPULAR

NPFL140: News stories

17


https://www.technologyreview.com/2025/03/27/1113916/anthropic-can-now-track-the-bizarre-inner-workings-of-a-large-language-model/
https://www.technologyreview.com/2025/03/27/1113916/anthropic-can-now-track-the-bizarre-inner-workings-of-a-large-language-model/

Denik N MIT TR

Anthropic's

Guardian
Safeguards
bypassed

Roschard

cloning checking
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Group Activity




Activity 1: Critical reading of the aricle

e Form groups

e (Choose article

e Follow page one of the worksheet

e Report your findings

NPFL140: News stories

NPFL140 Large Language Models, 14.04.2025
Reading news stories about LLMs: Worksheet

What article have you chosen?

|

N s oo
Read the news article and identify what values make the story newsworthy. Gl
Use the first column of boxes and leave the second column empty for now. £

[0 O Frequency 0O O Unexp og i
O O Timeliness O O unambiguity [0 O consonance
0O O Famiiarity 0O O Personalization

O O Negatiity O O Meaningfulness

O O confiict O O Eliteness

Critical reading of the article
Please think about the following criteria:
« Are there technical claims? Are they correct or not?
- Whatiis the original source of the claims? Is it a pre-print? Was it peer-reviewed? Are
the reviews publicly available? What is the reputation of the authors?
« Did the journalists use multiple sources? If yes, what experts did they consult? Do you
consider the experts trustworthy?
Make notes so you can report it to your
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Activity 2: Improve the article

e Follow page 2 of the worksheet

e What would you do to make the
article more informative

e How would it change it's
newsworthiness

What would you improve on the article to be more accurate/more balanced/to provide better
service to the public?

Now, please return to the news values and indicate in the second column how newsworthy
the improved article would be.

e Report to the class

Read the news article and identify what values make the story newsworthy. %
Use the first column of boxes and leave the second column empty for now. f
O}
[0 O Frequency [ [0 Unexpectedness [] [J Superiativeness
O O Timeliness O O unambiguity O O consonance
O O Familiarity O O Personalization
O O Negativity O O Meaningfulness
[0 O conflict O [O Eliteness
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