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Introduction Experiments Results Further Analysis
- Visual Genome: Dataset of images, captions N Transformer fastest and best in BLEU. No clear tendency in translation quality
and relations potentially useful for many text and Tra'”';g.. - across on source lengths.

Image processing applications.

. . . . . = .. W Input English Phrase HindEnCorp MERT Iterations IITB MERT Iterations
O ' 1 2 3 4 5 6 7 8 1 2 3 4 5 6 7 . . .
108k images with 5.4M short captions in English. ﬁﬁn!o!p Red flowers in the grass oo 2t > 0 0 e - PBMT a little better in small data setting (lengths

IITB Corpus :

V MT Models V|suaIGenome

30 - — 30

of 1-3, 4, and 7+).

Motivation for Hindi Visual Genome
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- Next step: Find ambiguous segments where Train (IITB) 1492 8k 20.8M 31.4M Deep S28S better for small data: more flaw- Segment Length
image or surrounding captions could help. Dev (Visual Genome) 898 4519 6219 less outputs.
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« Common Settings: Tokenized with Moses 0 m Incomplete 1.3 7-12]

tokenizer, joint BPE trained on HindEnCorp, 30k 5 Segment Length
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1080 Ti GPUs for 14 hours (best SCOTC). (Nematus Compatible) (d) ITB-trained models
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